I n t r o d u c t i o n
examined the ability of the SPEC model selection algorithm to indicate the ARCH model that generates better volatility predictions with a number of statistical evaluation criteria. In the context of a simulated options market, Xekalaki and Degiannakis (2005) have found that the SPEC algorithm performs better than any other comparative method of model selection in pricing straddles with one day to maturity. The present manuscript evaluates the ability of the SPEC algorithm in selecting at each point in time an accurate volatility forecast for the remaining life of a straddle 1 option.
The forecasts of option prices are calculated by feeding the volatility estimated by the ARCH models into the Black and Scholes (BS) option pricing model. The obtained results
indicate that SPEC has a satisfactory performance in selecting the ARCH models that yield better volatility predictions for option pricing. 
. A R C H M o d e l s
A straddle option is the purchase of both a call and a put option with the same expiration date and exercise price.
(iii) or as a TARCH( q p, ) function:
otherwise.
The prediction of the conditional variance at day i t  given the information set available at day t can be computed as:
. T h e S P E C M o d e l S e l e c t i o n A l g o r i t h m
Assume that a set of M candidate ARCH models is available and that the most suitable model is sought for predicting conditional volatility. The ARCH model, with the lowest value of the sum of the T most recent estimated squared standardized one-step-
, can be considered for obtaining one-step-ahead forecasts of the conditional volatility. Assume further that the M competing ARCH processes have been estimated using a rolling sample of n observations. The SPEC algorithm for selecting the most suitable of the M candidate models at each of a series of points in time is comprised of the following steps.
is estimated using a rolling sample of n observations. Using the vector of coefficients
The most suitable model to forecast volatility at time n T  is the model m with the minimum value of   m n T R  . The algorithm is repeated for each of a sequence of points in time for the selection of the most appropriate model to be used for obtaining a volatility forecast for the next point in time.
M e a s u r i n g t h e F o r e c a s t i n g P e r f o r m a n c e
The BS formula to price call and put options at day 1  t given the information available at day t , with  days to maturity, denoted, respectively, by
be presented in the following form:
where, t S is the daily closing stock price as a forecast of
rf is the daily risk free interest rate, t  is the daily dividend yield, K is the exercise price,   . N is the cumulative normal distribution function and
is the volatility during the life of the option.
If the straddle price forecast is greater than the market straddle price, the straddle is bought. If the straddle price forecast is less than the market straddle price, the straddle is sold:
The straddle is bought at time t .
If
The straddle is sold at time t .
The rate of return from straddle trading is: 
where X denotes the transaction cost. We assume that the straddles are traded only when the absolute difference between the forecast and the actual straddle price exceeds the amount of the filter, F . Otherwise, agents are assumed to invest at the risk free rate.
. D a t a s e t s
The data set consists of 1064 S&P500 stock index daily returns in the period from Also, a maturity period of length no shorter than 10 trading days is considered to avoid mispricings attributable to causes of practical as well as of theoretical nature.
. R e s u l t s
The day-by-day rates of return are reflective of the corresponding predictive performances of the models. We have on the one hand traders who always choose to use Xekalaki and Degiannakis (2005) . 3 Because of the large amount of data, tables with all the ARCH models are available upon request.
trader utilizing the SPEC algorithm with 5  T achieves the highest profit of 1.46% per day with a corresponding standard deviation of 15.85% and a t-ratio of 1.97 (or p-value 0.05).
Even marginally, the SPEC(5) model selection algorithm generates higher returns than those achieved by any other trader using only a single ARCH model 5 . Thus, the SPEC model selection algorithm appears to have a satisfactory performance in selecting those models that generate better volatility predictions.
One might take the view that the SPEC algorithm would favor the model that produces higher volatility forecasts. However, comparing the SPEC algorithm with a model selection algorithm that was constructed so as to select the model with the maximum sum of the T most recent estimated one-step-ahead volatility forecasts (denoted by MAXVAR)
for various values of T revealed that this is not the case. In none of the cases did the daily profits achieved by traders using MAXVAR( T ) exceed the profits made by traders using
Only in an average of 5% of the trading days did the MAXVAR(T ) algorithm pick the same models as those picked by the SPEC(T ) algorithm.
Considering the squared daily returns as a proxy for the unobserved actual variance, a set of statistical criteria to measure the closeness of the forecasts to the realizations are also estimated:
Squared Error of Conditional Variance (SEVar):
The SPEC algorithm does increase the volatility prediction accuracy and can be considered as a tool in picking the model that would yield the best volatility prediction.
However, the SPEC algorithm provides profits significantly greater than zero under a perfect framework of no commissions. Only the bid-ask spread was taken into account 7 .
Under realistic transaction charges for a trader and market impact costs, the daily profits are wiped out. If someone could really gain 1.46% per trading day after commissions, the presented results would make a good case for market inefficiency or at least for a huge temporary inefficiency. Table 1 . The net rate of return, computed as in equation (9), from trading straddles on the S&P500 index based on the SPEC algorithm and the model selection algorithms presented in equations (12)- (20), with $2.00 transaction costs and a $3.5 filter. The column titled sample size refers to the sample size, T, for which the corresponding model selection algorithm leads to the highest rate of return. 
